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Today 

• Background to McBride 

• Implementation of SAP APO DP 

• Automating cleansing of Promotional Sales History 

• Getting the best from a statistical forecast (top down vs. bottom up) 

• The Product Lifecycle challenge 

• The future 



Background to McBride - Customers 

• McBride is Europe's leading producer of Private Label Household 
and Personal Care products.  

• Supplying own brand products to all the major European retailers, 
performing contract filling for international FMCG companies and 
operating a small branded portfolio. 

 

 

 

 

 

 



Background to McBride - Categories 

• McBride operates in all Household and Personal Care categories 

 

 

 

 

 

 

 

 

 

• Last years turnover was in excess of £750m and we have weekly  

sales of approximately 19m units/week 



Background to McBride – Supply Chain 

• McBride has a fairly straightforward supply chain 

 

• 14 factories across Europe 

 

• Delivery from factory or 

DC to customers DC 

 

• Mostly full pallets & 

full trucks 

 

• Noise in Demand signal 



Background to McBride – Markets 

• Depending on geography 
and category Private 
label share of market 
varies from 20% – 50%. 
McBride share of Private 
Label varies (again) from 
10% – 60%. 

 

• Differing levels of 
market visibility by 
category and geography 



• Significant levels of promotional activity, both McBride driven and in the 
general market place. 

• Massive impact on forecasting 

• Uplifts 2x to 20x 

• Cannibalisation 0.9x to 0.2x 

• Creates noise in supply chain 

• Big forecasting challenge 

Background to McBride – Promotions 



Background to McBride – Product Lifecycle 

• Firmly in the FMCG sector with approximately 
5000 products across the group delivered to 500+ 
customers, with 30-40% of products undergoing a 
change at any one time. 

 

• As Private label is about offering maximum value 
to the consumer the cost base is kept to a 
minimum. 

 

• The challenge is to maximise the effectiveness of 
APO for McBride without additional resource 



Implementation of APO DP 

CE Forecasting 
System 

• Fixed Sales History 

• Moving Average 
Forecast 

UK Forecasting 
System 

• Basic Exponential 
Smoothing (Q) 

• Limited Promo 
functionality 

• No aggregation 

Group APO 
Platform 

• Full data structure 

• Ability to (dis)aggregate 

• Range of statistical 
choices 

• Integration with 
product lifecycle 

Future? 

• Improved statistical 
modelling 

• Maximising use of 
alerts 

• Minimal manual 
intervention 



Implementation of APO DP 

• Implementation project had several challenges to face 

– 2 instances of SAP 

– 3 Business Divisions 

– Different Markets 

– Different Processes 

• Technically these came down to…. 

– Material Coding 

– Master Data 

– Product Lifecycle Management 

– APO Setup 

 



Implementation of APO DP – Material Coding 

• Business operates off 2 SAP instances 

• UK system requires new material code for each product revision -> Use of 
a High Level Code to link similar materials 

• CE system does not have this requirement 

• Introduction of Group HLC Code 



Implementation of APO DP – Master Data 

• Master data setups different across both systems 

• Group Master Data Attribute project to introduce standard master data 
platform for consistency in APO 

• Characteristics 

– Sold to / Customer Group / Sales Org 

– High Level Code / Material / Forecast Code / Brand(&Owner) 

– Delivery Plant 

• Attributes 

– Product Hierarchy / Volume 

– Brand Segmentation 

– Product Lifecycle Status 



Implementation of APO DP – Product Lifecycle Mgt 

• Transfer forecast at level of material and delivery plant into R/3 

• Forecast needs to be accurate at material level 

• Integration of Product Lifecycle information into the forecast 

• System work in R/3 and integration with APO 

• Known as “Events” 

– Start Events 

– Stop/Start Events 

– Stop Events 
 

Product 

Replacement 



Implementation of APO DP – APO Setup 

• Time Buckets set as weekly or monthly 

• Historical View 

– Amendments of Sales History 

– Promotional Sales 

– Integration of Events 



Implementation of APO DP – APO Setup 

• Statistical Forecast 

– Exponential Smoothing to Start with, now moving to more complex 
structure 

– Two tier model to maximise bottom up in a top down forecast 



Implementation of APO DP – APO Setup 

• Amendments 

– Manual Intervention 

– Integration of Events 

– Promotions 

• Use standard functionality showing proposed and confirmed promotions 

 
 



Promotional Sales 

• Promotional sales need to be removed from historical sales to ensure a 
reliable and accurate baseline statistical forecast can be created. 

• McBride conduct in excess of 1500 promotions a month so that creates a 
significant workload. 

• The manual method of adjusting sales history can be subjective creating a 
non standard result, in additional the motivation for correcting “small” 
promotions is low. 

• We wanted to find a way to automate this activity to reduce manual 
workload and give a standardised result. 

• This is how we did it…. 

 



Promotional Sales – Key Figures 



Promotional Sales – Demand Plan 



Promotional Sales – Actual Sales 



Promotional Sales – Calculation of Promo Sales 



Promotional Sales – An interesting side effect 



Promotional Sales – In practice 

• 1st promo not modified 

• 2nd & 3rd reduced automatically 

• 4th promo planned in 

• Negative sales showing where promotion drove 
sales lower than standard level 

• These should be netted off the total “success” 
of the promotion for future analysis 



Maximising the quality of the statistical forecast 

• Forecasting at an aggregated level reduces the noise in the sales history 
and thereby creates an improved statistical forecast. 

• For McBride we aggregate to the level of Brand and Product Type to 
create our forecasts (works well for both Private Label & Branded SKU’s) 

• However, when the forecast is disaggregated down to the lower levels 
each CVC has a fixed proportion of the forecast across all time buckets. 
This “loses” knowledge available in the sales history at the lower level. 

• We wanted to find a way to overcome this issue and this is how we did it… 

 



Single Tier Forecast 



Two tier forecast 



Comparison of Results 

All levels of 

disaggregation 

forced to follow 

same shape. 

Proportions fixed 

in all time buckets 

Lower levels free 

to take different 

shapes. 

Proportions can 

adapt across time 

Single Tier 

Two Tier 



However……… 

• The trend model is too volatile especially with small sales histories or 
intermittent sales, although we have seen good results in testing we have 
also seen too many problems 

• So we currently don’t set the forecast at the lower level to anything other 
than the constant model 

• Now we see issues in not being able to use this two tier model 

• This is an example of the issues we see…… 



Sales Histories at SKU level 

30’s pack 

60’s pack 



Statistical Forecast at Brand / Product Type 

 

 

 

 

 

 

 

 

 

 

• At an aggregated level forecast looks good 

Forecast created by 

Trend model using 

2nd Order Exponential 

Smoothing (22) 

Alpha 0.05 

Alpha 2 0.10  

Sigma 0.90 



Stat Forecast at Brand / Product Type 

30’s pack 

60’s pack 



Product Lifecycle Events Integration 

• Private label FMCG suffers from relatively short product lifecycles and 
these are managed by Product Lifecycle teams.  

• There are approx 30 people in product lifecycle teams across Europe 
looking after different customers and geographies.  

• If we consider the critical time for product lifecycle to be the first and last 
3 months of a products life we have approx 1500 -2000 products that are 
involved in product lifecycle management at any point in time.  

• It wasn’t practical to use the standard functionality so we needed a way of 
integrating the information and allowing split ownership of the forecast 
around the event dates. 

• This is how we did it…. 



Start Events 

• Start events: For new product launches Start dates and volumes are 
controlled by the event tool and integrated into DP.  

 



Start Events 

• Start events: For new product launches Start dates and volumes are 
controlled by the event tool and integrated into DP. User fields in DP are 
locked to prevent overlaps 

 



Stop Events 
• Stop events: For products which are being withdrawn Stop dates (and final 

delivery volumes) are passed from the event tool and integrated into DP.  

 



Stop Events 
• Stop events: For products which are being withdrawn Stop dates (and final 

delivery volumes) are passed from the event tool and integrated into DP.  

 



Stop/Start Events 

• For soft launches proportional factors are manipulated and the forecast 
redisaggregated to move forecast onto the correct material in the correct 
time bucket. 

 



Stop/Start Events 
• For soft launches proportional factors are manipulated and the forecast 

redisaggregated to move forecast onto the correct material in the correct 
time bucket. 

 



The future 

• This month we have set up the statistical forecast to use multiple 
algorithms. This will start to give us better results  but we have been 
surprised by some of the forecasts DP has generated. 

• This leads to the next piece of work – can we improve the forecast using 
the standard models or should we build our own? 

• We want to use the alerts more significantly to reduce the time 
forecasters spend reviewing the forecast. 

• We will continue to develop our forecasting process and make sure we 
are standardised across the group in our ways of working. 

 


